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Two Parameter Examples

a=.5,b=5,c=.1 a=1.5b=5,c=.1 a=2.5b=5,c=.1
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How Sme Difficulty of Test Items

A 4

A 4

Medium
Test

A 4
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Score 5

Reprinted with permission from: Wright, B.D. & Stone, M. (1979) Best test design, Chicago: MESA Press, p. 5.
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Reprinted with permission from: Wright, B.D. & Stone, M. (1979) Best test design, Chicago: MESA Press, p. 13.




The Item Characteristic Curve

Sample Item Characteristic Curve (1CC)
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| Have a Lack of Energy

raditional Test Theory

0 = Very Much 2=Somewhat 3 =A Little Bit 4 = Not atAll
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Probabllity Curve
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IRT Polytomous Responses
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